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Earlier Concerns

Report from the U.S. Sentencing Commission:
“…analysis of current risk assessment tools demonstrate 
that utilizing such tools for determining prison sentences to 
be served will have a disparate and adverse impact on 
offenders from poor communities already struggling with 
social ills.” (US DOJ, Criminal Division, July 2014)

Former Attorney 
General Holder 

Holder (2014) - “These tools could have a disparate and 
adverse impact on the poor, on socially disadvantaged 
offenders, and on minorities”
“…they may exacerbate unwarranted and unjust disparities 
that are already far too common in our criminal justice 
system and in our society.” 

**Systemic Problems- example (Puzzanchera & Hockenberry, 2017)
- Referral rate to juvenile court for African-American youth > 3X higher than White youth
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More Recent Concerns

HTTPS://PRETRIALRISK.COM - Movement Alliance Project 
& MediaJustice

https://pretrialrisk.com/


Risk Instruments Come in Different Shapes and Sizes

■ Instruments Differ in Their Purpose Public Safety Assessment 
(Laura and John Arnold Foundation)



Extent of the Problem
■ Most individual sample studies of risk 

assessment instruments are not finding 
racial or cultural bias – but some have (e.g., 
PTRA for Latinx, JRM for Black youth)

■ Small reductions in restrictive placements

■ Potential for reducing disparities in 
diversion

***Much more research needed



Evaluator Bias
Evaluator bias in risk assessment - discipline (Murrie et al., 2008), who is paying 
the evaluator (Murrie et al., 2009), ambiguity of evidence (Charman et al., 
2017), years of experience (Leifker & Sample, 2011).

– PO bias - Race (Bridges & Steen, 1998)

Structured Professional Judgment (SPJ) instruments may introduce more bias as 
a result of permitting more rater discretion than actuarial instruments (Grove & 
Meehl, 1996)

Studies have not considered whether bias is more or less present when the 
evaluator’s and evaluee’s race/ethnicity match vs do not match

– Ingroup vs. outgroup – matched may be more lenient
– Black Sheep Effect – matched may be harsher



Research Questions
Study 1: Munoz, Perrault, & Vincent (2020)

1. Did probation officers’ (POs) ratings of risk domains and estimates of risk level on the SAVRY 
differ when youth matched vs. did not match their race/ethnicity?
Hypothesis: Matched POs will be more lenient

2. Did POs weight risk domains or factors differently in their final overall risk level judgments 
when evaluating a youth who matched vs. did not match their race/ethnicity (moderator 
effect)?
Hypothesis: POs will put more weight on internal risk factors for youth who do not match their 
race, and external risk factors for youth who do match their race

Study 2: 

Do POs Make Valid Ratings of Risk for Youth From a Different Race/Ethnicity? (predictive validity)



1. Risk/Needs Assessment in Juvenile Probation (RNAJP) 
(Vincent, Guy, Perrault, Gershenson, 2016; Vincent, 
Drawbridge, & Perrault, 2020) 

Louisiana 

2. Risk Assessment and Mental health Screening Among 
Youth (RAMSAY) (Guy, Perrault, Vincent, Grisso, 2015) 

Connecticut 
Mississippi 

3. Risk Assessment and Behavioral health Screening (RABS) 
(Vincent & Perrault, 2018) 

Arkansas 

Rhode Island

Sample: POs and Youth From Offices Across 5 
States

State PO’s Youth

Louisiana 53 583

Connecticut 20 203

Mississippi 11 88

Arkansas 31 289

Rhode Island 22 143

Total 137 1308

http://www.macfound.org/


Structured Assessment of Violence Risk in Youth (SAVRY) 
(Borum et al., 2006)

Domains: Summary Risk Rating
- Historical - Low              51.6%
- Social/Contextual - Moderate     36%
- Individual/Clinical - High              12.4%
- Protective

State
SRR
ICCs 

Louisiana .71

Connecticut .88

Mississippi .95

Arkansas .80 

Rhode Island .92

Inter-Rater 
Reliability for the 
SRR in the Field 

Good to Excellent 
among POs in all 

states



Age Gender Race/Ethnicity Years of 
Experience

N M(SD) Male/Female White Black
Other 
Race

Latinx M(SD)

Probation Officers 137 37 (8.77) 41% / 59% 53% 43% 3.6% 7% 12 (9.08)

Youth 1308 15 (1.72) 72% / 28% 38% 60% 1.5% 9% --

Sample

Matched Pairs = 688 (52.6%)



Age Gender Race/Ethnicity Years of 
Experience

N M(SD) Male/Female White Black
Other 
Race

Latinx M(SD)

Probation Officers 137 37 (8.77) 41% / 59% 53% 43% 3.6% 7% 12 (9.08)

Youth 1308 15 (1.72) 72% / 28% 38% 60% 1.5% 9% --

Sample

Matched Pairs     = 688 (52.6%)
Unmatched Pairs = 620 (47.4%)

Matched group significantly more likely to have:
- POs with fewer years of experience
- POs-Black
- Youth-Latinx
- Youth-Black

Included as covariates where needed



Did POs’ risk factor ratings and estimates of risk 
level differ for matched vs. unmatched youth?

Matched
(n = 688)

Unmatched
(n = 620)

p

Summary Risk Rating .62 (.03) .57 (.03) .225
Total Risk Score 12.74 (.34) 13.68 (.36) .062
Historical 4.91 (.15) 5.22 (.16) .174
Social/Contextual 3.22 (.10) 3.44 (.10) .119
Individual/Clinical 4.78 (.15) 4.88 (.15) .643
Protective Domain 3.66 (2.00) 3.76 (1.82) .341

GLM Comparisons – Adjusted Means

Summary Risk Rating

Low 52.18% 50.97%
Moderate 34.59% 37.58%
High 13.23% 11.49%

ANSWER = NO
No mean 
differences in 
estimates of 
youths’ risk levels 
or ‘scores’ on Risk 
Domains 



Did POs weight risk domains differently in their final risk 
judgments for matched vs unmatched?
Tested moderator effects – hierarchical regression with Match X Domain interaction 
term

Social/Contextual Scale

Social/Contextual Domain:
When domain HIGH, it had a 
greater influence on POs’ 
risk estimates for matched 
youth (rated their overall 
risk higher) than for 
unmatched youth 



Did POs weight risk factors differently in their final risk 
judgments for matched vs unmatched?

Stepwise regression – risk factors contributing most to the SRR

Most Significant Contributors to the SRR (Overall)

R R
1 Community 
Disorganization

.21 6 Negative Attitudes .10

2 Anger Management .16 7 Early Initiation of 
Violence

.09

3 Poor Compliance .15 7 Stress Poor Coping .09

4 Hx of Violence .14 7 Exposure to Violence .09

4 Low 
Empathy/Remorse

.14 8 Risk taking/Impulsivity .07

5 Poor School Achieve .11 8 Peer Rejection .07

5 Past Supervision Fail .11 8 Substance Use .07

Risk factors where 
weighting on SRR was 
moderated by match

Community Disorganization
Low Empathy/Remorse
Poor School Achievement
Failure of Past 
Intervention/Supervision 
Peer Rejection 

Historical
Social/Contextual
Individual/Clinical



Moderator Effect of Matched/Unmatched Race on the 
Weighting of 5 Items in Risk Levels

When the risk factors were high:

Unmatched youth’s overall risk level  

Matched youth’s overall risk level



Summary Study 1
■ Did POs ratings of risk domains and estimates of risk level on the SAVRY differ 

when youth matched vs. did not match their race/ethnicity?
– NO

■ Did POs weight risk domains or factors differently in their final overall risk level 
judgments when evaluating a youth who matched vs. did not match their 
race/ethnicity (moderator effect)?
– YES FOR 5 RISK FACTORS
- Factors were mostly internal with one external (community disorganization)
- In all cases, estimated the overall risk levels of youth more like them more harshly
- Small effects



Study 2: Do POs Make Valid Ratings of Risk for Youth 
From a Different Race/Ethnicity?
Defining Bias

■ Test bias = When scores are differentially related to recidivism based on group 
status (Skeem & Lowenkamp, 2016)

– Example: If scores for one race ’mean’ something different than for another race

■ Ethical Standards for Educational and Psychological Testing (American Educational 
Research Association, National Council on Research in Education, & American Psychological 
Association, 2014).

Do risk for violence estimates mean something different when made by an evaluator who does not 
match the evaluee’s race/ethnicity? 

■ Is there equity in the predictive validity for recidivism?



Method & Findings
■ Recidivism = new petition (filing) or conviction on juvenile or adult record

■ Follow-up Period = 32 to 763 days; Average follow-up length = 386 days (SD = 145.82)

■ Sample = N = 1216; Matched = 645 (53%) & Unmatched = 572 (47%)

■ Baserate: Any recidivism = 35%    Violent recidivism = 13%

■ Cox Regression
– Any Exp[B] = 1.54***
– Violent Exp[B] = 2.12***
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Was the Predictive Validity of POs’ Risk Estimates (SRR) 
Moderated by Matching/Unmatching Race?
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Study 2: Conclusions

- The validity of PO’s decisions about youths’ risk levels did not differ 
regardless of whether the youth looked similar or different to them

- There were some small differences in the weighting of risk factors on their 
decisions
- SPJ enables them to automatically adjust to the individual being 

evaluated – could this be why?

Overall Study Limitations
Cannot disentangle state differences from match vs unmatch
Fewer Latinx POs and youth than White or Black – more research needed



Recommendations – Bias in Instruments

It is critical for researchers and instrument developers to make a concerted effort to 
carefully attend to disparities and adequately validate and avoid biases in risk 
assessment instruments.

Due to simple mathematics, we must expect that if defendants of color have a higher 
rate of official recidivism than White defendants, and an algorithm is highly 
predictive of or well-calibrated to those outcomes, the algorithm will classify a greater 
proportion of defendants of color as high risk; and therefore, a greater proportion of 
defendants of color who ultimately do not recidivate will have been classified as high 
risk (Skeem & Lowenkamp, 2020).

■ To date, where racial bias has been found, it has had more to do with the specific 
instrument than with risk assessment instruments in general.



Recommendations: Promising Approaches for 
Minimizing Bias
1. Only use instruments that have been appropriately validated by race and 

do not rely solely on official records for its risk factors

2. Never make decisions based solely on score-based classifications of risk
– Remember the job is to prevent not predict
– Think beyond the algorithm (Picard et al., 2019)
– Consider the relevance of different risk factors to different racial 

groups/cultures  - Educate decision-makers

3.  Professionals/decision-makers delve deeper to recognize power 
imbalances in the field and implicit biases when weighing the relevance of 
specific risk factors to members from specific groups



Future Directions: Racial Bias vs Disparate Impact

Studied instances as to when risk assessment conducted but not followed:
■ Structured disposition guidelines – Black youth more likely to get overrides 

(Lehmann et al., 2020)
■ African-American adults detained longer than Caucasians and less likely to be 

diverted from confinement despite comparable risk scores (Marlowe et al., 
2020)

■ Currently no strong evidence instruments are leading to greater system disparity, but do 
appear to be leading to….

– Small reductions in restricted placements in general (Viljoen et al., 2019)
– Increased diversion (Vincent et al., 2016; 2020), particularly for African-American youth 

(Onifade et al., 2019)
– Reductions in intensity of supervision (Vincent et al., 2016)

■ ****More research needed
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